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ABSTRACT: The Domain-AI Governance framework, designed to fill the considerable gap between business 
objectives for ai and explicit (and validated) data quality requirements, was created in response to the fact that 75% of 
all AI initiative will fail. A Unified Framework featuring four levels has been proposed for Domain-AI governance; the 
Data Foundation Level, Quality Gate Levels, AI Orchestration Levels, and Governance Dashboards which incorporate 
appropriate controls to enhance data quality and allow for subsequent traceability when implementing any ML solution, 
will provide a more structured way to implement ML solutions and reduce costs associated with re-training ML in the 
range of 50%, enabling companies to obtain regulatory compliance quicker. Through successful implementation of the 
Domain-AI Governance framework, many organizations have reported higher audit pass rates and an extremely high 
ROI due to reductions in the length of time required to re-train ML for regulatory purposes, as evidenced by the 
successful implementation of the framework by several organizations in both financial services and healthcare sectors. 
Furthermore, The Domain-AI governance framework focuses heavily on creating cross-functional centers of excellence 
for sharing knowledge and best practices, developing an advanced trust scoring system, and providing a broad range of 
technological solutions for organizations to provide an environment compatible with existing AI risk management 
frameworks. Future enhancements to this framework will emphasize both federated learning and flexibility in order to 
meet the ever-evolving global standards being established. 
 

KEYWORDS: Domain-AI governance, Data Quality Frameworks,  Quality Gate Levels, AI Orchestration Levels, 
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I.INTRODUCTION 
 
AI governance in specific disciplines is clearly an advancement for corporate use of AI; the creation of domain-specific 
ecosystems associated with the business sectors includes contextual AI (a combination of industry focused models 
combined with current data) and provides cohesive operational processes for data informed decision-making. 
Additionally, the governance framework ensures that as organizations rapidly adopt new areas of AI, they also protect 
the data integrity and thus resulting outputs are free from bias, accurate and in compliance throughout the entire 
lifecycle. 
 
Current governance practices tend to focus on the downstream or outdoors components (i.e., explainability of the 
models or performance) while ignoring to monitor the upstream data quality issues, which have a direct impact on the 
success or failure of the Machine Learning (ML) developments. Conversely, practices that only monitor the quality of 
the data have no way of establishing downstream effects or accuracy issues impacting the AI performance on the 
market. Domain-AI integration is designed to address all these issues by providing a closed loop. For example, the 
governance dashboard provides necessary insight into a Company’s trust score and compliance metrics. Furthermore, 
the governance model integrates data quality checks into the AI pipeline, thus establishing a closed feedback loop with 
respect to using metadata to support ML model retraining. 
 
The methodology utilizes established standards to associate specific domain attributes of the AI models (i.e., AI-based 
vendor rating risk in procurement) to the quality of the vendor data, whereas a siloed approach leaves gaps in the data 
resulting in the potential for model inaccuracies or data being deleted. Therefore, the integrated controls provide a way 
to increase compliance efficiency, business resilience, and agility to adapt to changing regulations for AI adoption. 
 
As organizations continue to incorporate more AI solutions into their operations, there will be a growing pressure to 
utilize a unified Domain-AI governance approach to reduce the risks of operational failure, fines for non-compliance, 
and the resulting reduction in stakeholder confidence. By 2026, organizations will realize both compliance efficiencies 
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and competitive advantages as a result of the use of Domain-AI governance as a catalyst for AI growth in an unknown 
and changing regGlobal environment. 
 
In 2026, regulations imposed by international governments will require the incorporation of AI into businesses with a 
focus on strict compliance with data quality standards. The European Union (EU) AI Act will be in place on August 
2024 and will have strict requirements for high-risk AI systems that require early governance to avoid large monetary 
penalties for non-compliance. For U.S. businesses, the expanding Executive Order on AI will continue to put more 
emphasis on national security and require companies to create a culture of trustworthy AI through the implementation 
of required practices, such as quarterly reporting and compliance with updated National Institute of Standards and 
Technology (NIST) Standards. In addition, adoption of India's Digital Personal Data Protection Act will require 
international companies to be accountable to stric requirements surrounding data governance andlocalization of data [1].  
 
Statistics show that by 2027, a large part of the corporate AI sector will be regulated, and many initiatives will be 
unsuccessful due to data quality issues. Unified Governance Frameworks that provide an efficient means of achieving 
both compliance and efficiency will help companies navigate the growing complexity of regulations, and therefore will 
result in many companies focusing on Domain-AI governance as an important area in efforts to remain compliant and 
efficient in the evolving regulatory environment.In an upward trajectory, Gartner predicts that by 2027, 80% of 
corporations deploying AI will be subject to regulation (up from 30% in 2024) and face fines of between $15-$20 
million if they are not compliant, and if they do not comply, they will stifle innovation. 
 
With the EU AI Act being implemented in August 2025, businesses must comply with mandatory requirements for 
high-risk AI applications. Companies will be required to keep detailed documentation of their process, carry out 
assessments for their impact, and remain compliant with all requirements through continuous compliance. Penalties for 
violations will go up to €35 million or 7% of global revenue and will require rigorous tracking of AI decisions, as well 
as human oversight on all decisions made with AI. Additionally, in the U.S., updates made to the Executive Order on 
Safe, Secure and Trustworthy Artificial Intelligence will prioritize economic competitiveness over security measures by 
placing an increased burden on agencies procuring AI, requiring them to establish and implement "trustworthy AI 
playbooks" and follow the Revised NIST AI Risk Management Framework. There will also be increased penalties 
imposed by regulatory authorities for failures in terms of data management and data-related failures [2]. 
 
As of mid-2026, India will institute a set of laws governing how businesses can process personal data through the 
introduction of the DPDP Act. Companies will be required to provide explicit consent for data used to train AI datasets 
and create data quality standards and appoint a Data Protection Officer if they are a large-scale company. Companies 
will also face restrictions on transferring their customers' personal data outside of India and must have a privacy-by-
design lifecycle built into the design of their business. Converging regulatory environments require companies to 
concentrate on achieving high-quality data in order to be able to operate as a competitive business and grow as fast as 
their competitors; therefore, businesses must transform the governance of AI from being a best practice to a mission-
critical component of survival, thereby significantly reducing the number of AI failures and speeding up the process of 
deploying AI in accordance with market expectations [3]. 
 
This paper describes a strategic transition to a consolidated and scalable framework for developing AI within 
businesses, with an emphasis on data quality as a major enabler of Domain-AI governance. Furthermore, this paper 
describes a maturity curve and process for moving from reactive behaviours with respect to failures to proactive 
behaviours with respect to the design and monitoring of AI in a structured manner that will subsequently yield 
transformational AI-enabled innovations and incorporate trust into the core of those innovations. The roadmap is 
divided into seven related sections, guiding the reader through the evolution from reactive behaviours to a proactive 
and transformative nature of AI. 
 
This introduction to Domain-AI provides definitions for Domain and AI, and outlines the barriers faced as a result of 
high rates of AI failure due to low data quality. The Challenges Landscape illustrates that there is no cohesive path 
toward adopting or implementing AI and subsequently maintaining it at a level of high quality (the result of which will 
lead to loss of profit and more importantly loss of customer loyalty). The Core Framework describes how the data 
dimensions of AI will exist in conjunction with the governance pillars of the technology, thus changing from a 
paradigm of isolated controls to a more cohesive framework. The Implementation Roadmap provides insight into 
developing the KPIs and supporting technologies to execute on AI, while delivery Best Practices showcases best 
practices that created tangible successes, including reduced risks within Finance. Future Trends in the area of AI will 
include AI-specific Generative Defenses; therefore, in conclusion, we must have transforming leaders to navigate the 



  International Journal of Science, Research and Technology (IJSRAT)  

      |Bimonthly | Peer-Reviewed | Scholarly Journal| 

               |ISSN 2454-3853|www.ijsrat.com|editor@ijsrat.com|Vol.9, Issue 2, March - April 2026| 

               DOI: 10.15662/IJSRAT.2026.0902005 

 

© IJSRAT                           www.ijsrat.com                                                                      446 

 

comfort level of managing AI further forward. The paper illustrates through the use of visual aids the essential 
components needed to create and build a strong Domain-AI ecosystem that will support corporate leadership in the 
areas identified. 
 

II. CHALLENGES IN AI ADOPTION AND DATA QUALITY 

 
Fragmentation in Business AI is the result of both organizational and technological silos which prevent effective 
governance, increase costs and impede the ability to scale AI implementations. By 2026, fragmentation will create 
challenges for organizations through AI project misalignment, with conflicting project teams, tools and data sources 
leading to inefficiencies and regulatory compliance challenges. Therefore, there needs to be an easily implemented 
framework that allows organizations to manage rapid AI adoption and maintain elevated levels of data quality. The 
division between AI engineers focused on improving model performance and data stewards focused on ensuring data 
integrity exacerbates this situation, creating misalignment of goals and repeated training costs incurred from unknown 
issues.  
In addition, the lack of a consistent framework across countries creates regulatory uncertainty with many countries 
adopting different regulatory frameworks resulting in compliance burdens that lead to inefficiencies and risk. 
Organizations must adopt Domain-AI Governance strategies that utilize hybrid maturity models, cross-functional 
Centers of Excellence and integrate data stewardship with MLOps processes to improve the efficiency of all areas of AI 
development and reduce retraining costs, building resiliency in the AI ecosystem in anticipation of the emergence of 
Agentic AI in 2026 [4].  
 
The potential financial benefits resulting from work accomplished in Domain-AI Governance also translate into ROI 
through cost reduction from eliminated retraining costs. As such, organizations can expect to reduce MLOps costs by 
30-50% by eliminating unnecessary retraining due to data issues associated with siloed data such as drift or 
incompleteness. Organizations should adopt a systematic approach in establishing a foundation for measuring 
retraining cost baselines using Monte Carlo or MLflow baseline methodologies for accuracy. First, organizations 
should establish the cost associated with initial retraining efforts by determining the total cost of each retraining cycle 
including resources used, labor and storage multiplied by the number of retrain cycles. Second, organizations should 
implement distance sampling methods on their retraining process to ensure retraining occurs only when necessary 
based on statistically relevant drift thresholds, performance patterns and monitor History  of retraining Frequency 
Reduction and Data Optimization Savings Metrics [5].  
 
Calculating return-on-investment and savings will be specific to each organization's unique implementation of Domain-
AI governance, but the initial baseline cost will be compared against the newly established baseline costs to determine 
return on investment as illustrated in the example which shows 200% ROI based on tooling savings. The analysis 
shows a major decline in the frequency of retraining and retraining costs resulting in material annual savings. The 
retraining cost curve of an organization clearly defines the return on investment achieved through unification and 
alignment of MLOps practices in preparation for 2026. Additionally, organizations may be able to increase the 
visibility of their Domain-AI Governance Strategy through enhanced reporting capabilities on C-Suite dashboards. 
 

III. UNIFIED GOVERNANCE FRAMEWORK 

 
Implemented by the NIST AI RMF 1.0 and ISO/IEC 42001 draft regulations, the Domain-AI Governance Pillars 
establish a unified AI implementation structure for companies to integrate corporate AI utilization with data quality, 
through the use of pre-2024 AI governance regulations. The standards used provide lifecycle risk management while 
providing flexible controls that fit with the organization’s risk and compliance capabilities. The Domain-AI 
Governance framework consists of three key components; policies and ethical standards applied to the decision 
transparency and limitations to bias; infrastructure overseen via responsible centres of Excellence, Executive-level AI 
Boards; and Integration of the NIST Lifecycle Map/Measure/Manage and MLOps for performing continuous security 
within the lifecycle [6]. 
 
The NIST framework meets this objective by organizing governance into four (4) functions: govern, map, measure, and 
manage, while ISO/IEC 42001 provides a framework for ethical approval through an auditable mechanism. The data 
quality framework identifies completeness, accuracy, and traceability as fundamental data quality attributes, based on 
existing data quality models including DAMA-DMBOK and Gartner; it states that deficiencies in completeness 
attribute contribute to AI failure modes, while the use of "Trust Scores" prevents Bias [7]. 
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The Pre-2024 unification model is structured around a four-layer architecture consisting of a data foundation for 
legacy/batch ingestion; dimensional validation for establishing quality control; artificial intelligence4CRISP-
DM/DevOps for AI orchestration; and a governance dashboard for requiring monitoring. The architecture is scalable, 
reduces the need for Retraining, and improves the efficiency of AI processes. The governance framework utilizes a 
hierarchical tiered structure to implement the ISO/IEC 42001 and NIST AI RMF 1.0 principles across data, AI, and 
oversight control integration. The governance framework significantly reduces their training costs by 30 to 50% [8]. 
 
The governance framework has four key Components: Data Foundation, processing raw/legacy data with ETL 
processing methods; quality gates, providing an established level of data accuracy and lineage; AI orchestration 
providing model execution control with lifecycle guardrails; and a governance dashboard providing oversight of 
organizations with standardized scorecards and routine audits. 
 
A visual representation of the governance framework depicts the four-layer architecture and the flow of data as well as 
the feedback loop enhancement of governance and regulatory compliance. The governance framework improves 
efficiencies by streamlining process improvements and accelerating compliance in risk scenarios. As such, it will 
provide added value in the optimization of an organization’s AI and data governance Efforts.  See Figure 1 below. 
 

 
 

Figure 1: DOMAIN-AI GOVERNANCE FRAMEWORK (4-Layer Stack) 
 
The Domain-AI Governance Framework is a structured framework for implementing ISO/IEC 42001 and NIST AI 
RMF 1.0, and aims to enhance both the adoption of AI as well as improve the quality of data processed in support of 
that adoption. The framework has a tiered structure that integrates the controls of AI, data and oversight in a manner 
that facilitates an integrated approach to data, AI and oversight, in order to minimize fragmentation. The framework is 
designed to allow for significant growth of businesses, while at the same time significantly reducing retraining costs by 
between 30 and 50 percent. 
 
Four components of the Domain-AI Governance Framework include the data foundation, which is responsible for 
processing raw and legacy data; the quality gates, which is responsible for ensuring and maintaining the accuracy and 
lineage of data; the ai orchestration layer, which is responsible for controlling the execution of AI models with lifecycle 
guardrails; and the governance dashboard, which is responsible for providing oversight of the domain-ai governance 
framework through standardized scorecards and audits on a regular basis. Visually, the Domain-AI Governance 
Framework can be illustrated as a stack of four levels. This illustration shows how data flows from the data foundation, 
goes through quality gates, gets executed using AI orchestration and finally becomes governed by the governance 
dashboard. In addition, the benefits of an integrated Domain-AI Governance framework are also illustrated, such as 
establishing fast compliance in risk scenarios prior to creating the future roadmap of Implementation Activities. 
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Figure 2: GENAI Governance Framework (5-Domain Wheel + 4-Layer Stack) 
 
As depicted in Figure 2, the GenAI Governance Framework adds value by assigning specific risk control to the 
associated Risk Domains in alignment with ISO/IEC 42001 and NIST AI RMF 1.0 Standards. Within the framework, 
three categories of risks, technical, ethical and operational, are identified, and risk-specific controls and assessment 
metrics (e.g., procurement risk scores) are provided. Key risk types include Strategic Alignment Gaps, Data Lineage 
Issues, Model Drift, and Bias. The associated risk controls include the establishment of risk appetite statements, 
consent audits, guardrails for MLOps, and classifiers for toxicity. The framework includes KPIs for measuring the 
effectiveness of risk mitigations and the following key themes are also emphasized: Transparency, Continuous 
Improvement, and Regular Audits. KPI examples include lineage coverage and bias score metrics.  
 
The integrated GenAI core is the foundation of a four-layer domain-AI Stack, which connects policy and operational 
controls to support compliance with regulations while simultaneously reducing potential failure rates significantly. As 
described, the Domain-AI governance pathway is a structured process that enables businesses to move from evaluating 
AI governance to deploying AI governance and building out a unified governance framework that will allow 
organizations to modernize the ETL process to provide enhanced risk management capabilities. The entire process is 
designed to minimize the number of disruptions and maximize the speed of adopting these processes and systems while 
minimizing compliance costs.  
 
The initial phase is conducted over the first four weeks and includes an the first phase of the project is to conduct a 
thorough evaluation of all data sources, create an inventory of AI models based on risk levels, and conduct a 
preliminary analysis of areas where regulatory bodies may find they are not prepared for regulations. Various tools will 
be leveraged to assist in this evaluation, including Monte Carlo to provide observability metrics and Collibra to assist in 
combining different data sources together in order to compile a list of expected benefits and provide a means for 
identifying opportunities to improve asset visibility. 
 
The second phase of the project consists of setting up the requisite governance framework over the first 3 months of the 
project lifecycle. The governance phase consists of defining policies and procedures outlining the policies of the 
organization based on the NIST framework, formulating a committee consisting of Governance Officers and AI 
Leaders, and developing a prototype for a unified governance framework. Developing quality gates and building a 
proof of concept utilizing Python scripts for calculating trust scores for data will be an important part of the governance 
phase. The goal of this phase is to build a robust RCOE with established policies approved by executive management 
and create an operational dashboard for those initiatives. 
 
The third phase of the project will be executed over a 3-month period from April – June. organizations will refine 
existing AI models using actual data via pilot projects of the highest risk type. Additionally, the vendor risk model 
including mandatory quality gates and compliance metric tracking will be introduced. The overall objective of the pilot 
project is to improve the accuracy and performance of the Python scoring model, as well as to provide a method for 
routinely assessing the RCOE. At the conclusion of the pilot project, it is anticipated that validation time and risk 
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reduction will have significantly improved, thereby clearly demonstrating the success of the governance framework 
implementation. 
 
The final phase will be to incorporate the governance framework into all AI processes throughout the enterprise. Some 
of the major goals included in this final phase will be the continued development and education of the organization's 
largest employee base, continue to automate the creation of quality gates for multiple AI Models, and continually 
improve processes through utilizing AI powered dashboards to do so. The effectiveness of the integrated strategy is 
evident in the high Key Performance Indicators (KPIs) for organization, cost reduction savings of $1.5 million in year 
one, and the resulting high-level of compliance with what is to come as we move to implementation AI governance 
technology.  
 
The Domain-AI governance plan supports company-wide implementation pathways to deploy enterprise AI 
Technologies more quickly and efficiently, resulting in a 300% increase in the velocity by which Domain-AI 
Technologies are adopted. This is accomplished by transitioning from isolated individual projects to implementing 
across more than 100 model updates, thereby achieving significant savings by avoiding the expense of retraining 
models. In the first year, the majority of the savings ($1.5 million) are expected to come from the reduced cost of 
redeveloping models, which will see a 30-50% reduction in cost when compared to current costs. The ROI for the 
business is based on metrics generated during the unification process and the first round of audits and as such the 
majority of saving will come from the elimination of retraining, speeding up compliance timelines, and increased 
efficiency in data collection and preparation. 
 
The breakdown of savings in year one are as follows: $900,000 savings from the avoidance of retraining expenses; 
$400,000 savings from the acceleration of compliance processing; and $200,000 savings from improvement to data 
collection and preparation processing. The estimated ROI for year one is calculated to be 100%, with the anticipated 
scaling to 300% over the next two years as deployment levels increase. The model also incorporates Procurement AI 
and Risk framework into the AI development roadmap, which demonstrates the businesses and organization's readiness 
to provide vendor risk management and compliance demonstration. The Phased Rollout Package allows for teams to 
properly justify their ROI objectives in relation to the Business and therefore provides an AI competitive advantage in 
the rapidly evolving AI marketplace by 2026.  
 
The Domain-AI governance plan relies upon the organization enablers to support the organizations in their effort to 
incorporate technology into their business processes as part of their long-term corporate strategy.The mechanisms 
promoting shared responsibility among AI developers and data stewards facilitate a cultural shift towards an increase in 
certified staff and Service Level Agreements (SLAs) from vendors, thereby decreasing the number of compliance 
failures associated with key procurement risks. AI ethics training was completed by 80% of the workforce within six 
months of beginning, with a modular, four-week curriculum covering basic concepts, real-world use cases, industry-
specific examples, and assessment methods being utilized. The program utilized mixed-delivery methods and is 
expected to offer training to 500 employees at a cost of $100,000, with employee competency metrics indicating 
significant improvement post-training. 
 
Through SLAs with vendors, the establishment of data quality requirements related to data and data format (e.g., legacy 
ETL) is also enhanced. These contractual agreements establish minimum requirements for the availability, timeliness, 
and penalties associated with failure to meet such requirements, thereby supporting high data quality expectations. The 
systems put in place for early detection of data drift, in conjunction with the formation of certified teams, have led to 
lower levels of retraining as well as fewer inaccuracies in risk models. SLAs combined with the training provided 
create an accountability loop, with employees monitoring suppliers to ensure compliance with established standards. 
This approach is projected to generate an increase in first-year ROI of $500,000 from decreased data fixing efforts, 
improved data utilization, and compliance with various state, federal, and industry regulatory requirements. 
 
Domain-AI Governance Stack leverages MLOps and quality gate technologies in one integrated pipeline, providing the 
ability to leverage the best of both Open-Source agility and Enterprise Tool scalability. Through an integrated 
technological foundation, including Python and ETL proficiency, rapid white-space prototyping can occur while 
ensuring compliance; in addition, automated observability results in re-training cost reduction between 30% and 50%. 
MLflow and Soda will be used as MLOps and data quality observability technologies during Phase 2-3 Trials, with the 
supporting technology selection focused on using Affordable Community Driven Solutions. The central technology for 
using MLflow will allow organizations to organize their models and track experiments throughout the Development 
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Lifecycle, while using Soda for automated checking of data freshness and accuracy. The cost for this technology stack 
is < $10K/year, which facilitates Risk model prototypes. 
 
When an organization transitions to the fourth phase, an organization can deploy end to end controls via snowflake for 
data governance and databricks for ai orchestration. snowflake has secure data storage and governance capabilities; 
databricks enhances ai orchestration capabilities by providing an enterprise version of mlflow and governed metadata. 
The annual cost of enterprise licensing is $500k, which assists in accelerating executive demonstrations. The synergy 
between open source and enterprise solutions results in a smooth transition from open source to enterprise technology 
along with significant cost savings that enable total cost of ownership reduction of 40% over isolated technology [9]. 
 
The overall framework promotes a collaborative approach to compliance and creativity during the development of AI. 
Organizations need to proactively respond to new technologies that will emerge over the next several years, such as 
Generative AI (GenAI), legislative changes anticipated in 2026, and how to Adapt Domain-AI Governance accordingly. 
This requires the Creation of unified frameworks that take advantage of risk management and modernization strategies 
in order to optimize newly evolving technologies while mitigating potential risks that may impact a significant 
percentage of current AI operations [10]. Some of the trends that will Define the Domain-AI Marketplace are: 
 
1. Modularization of AI development processes and quantification of development costs by the C-suite. 
2. The requirement of robust defenses against GenAI Data poisoning. 
3. The need for quantum-safe lineage for protecting the integrity of metadata. 
4. The impact of deregulation from the trump administration, which promotes economic competitiveness, reduces 
government oversight. 
 
An organization can reduce risk by employing federated learning models to train across a decentralized system while 
protecting private information, thereby significantly reducing the risk of data poisoning. Continuous Explainable AI 
(XAI) provides an opportunity to identify bias in real-time, as well as ensure ethical compliance as regulations change. 
other precautions to enhance resilience include developing quick guardrails to decrease AI hallucinations and 
implementing zero-trust apis to secure supply chain access. These aspects are depicted in Table 1 below: 
 

Trend/Risk 

Mitigation 
KPI Target Baseline 

Measurement 

Tool/Context  

GenAI Data 

Poisoning 
Poisoning Detection Rate >98% 70% 

Anomaly scans in 
Soda/MLflow 

 
Watermark Validation 
Coverage 

100% 40% 
SynthID integration 
logs 

Quantum-Safe 

Lineage 
PQC Encryption 
Adoption 

90% 
metadata 

0% 
Catalog audits 
(Collibra/Unity) 

 Lineage Integrity Score 99.9% 85% 
Post-quantum crypto 
verification 

Trump 

Deregulation 
Private Audit Pass Rate 95% 60% 

RCOE quarterly 
scorecards 

 Deployment Velocity 
3x 
models/yr 

1x 
MLflow deployment 
logs 

Federated 

Learning 
Privacy Preservation 
Index 

>95% 75% 
DPDP consent 
compliance + federated 
agg. 

Continuous XAI Explainability Coverage 
90% 
decisions 

30% 
SHAP/LIME runtime 
coverage 

 

Table 1: Future Trends Metrics: Evaluating Domain-AI Governance Evolution 
 
Adopting a unified approach to Domain-AI governance will convert an organization's risk into opportunity and yield 
higher levels of operational velocity and trust. By taking advantage of deregulation along with both the disruption 
caused by quantum computing and GenAI, organizations will establish a competitive advantage through greater 
resiliency of their systems. 
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In evaluating future trends associated with Domain-AI governance in the roadmap, this document presents key metrics 
and compares the baselines for 2023 to the projected goals for 2026. The historical data from the 2023 baseline reflects 
the development of AI governance frameworks, e.g., NIST AI RMF 1.0, at the time that organizations were first 
starting to adopt AI and experiencing a large number of challenges due to poor data quality. The 2023 baseline will be 
the starting point for assessing progress toward achieving the 2026 goals, which primarily focus on the large project 
failure rates due to insufficient governance. Among other indicators, there are significant indications from key metrics 
that indicate that the 2026 target will show substantial increases in the way that organizations detect data poisoning and 
align to regulations [11]. 
 
Also indicated in the analysis are some additional challenges that organization faced in 2023, including the high cost of 
retraining, issues with data quality, and increased time to adopt. A simple formula for measuring the progress of 
Governance Evolution Score (GES) is expected to indicate a growth in maturity from 35% in 2023 to 92% in 2026. The 
comparison of the dashboard significantly highlights the substantial improvement seen across all key metrics in the 
general category of governance and presents an overall impression of the strategic value of unifying governance 
strategies. Overall, the document illustrates an evolution from reactive governance models to proactive leadership, with 
a clear focus on maximizing returns on investment [11] as shown in below Figure 3: 
 

 
 

Figure 3: Domain-AI Governance Maturity Radar 
 

IV. CONCLUSION 

 
Unified governance of domain AIs is becoming an increasingly important competitive advantage for businesses that are 
trying to address problems with the rapid expansion of the amount of AI in the business world. The failure rates 
associated with fragmented approaches to AI often are very high. Integrating data quality controls with the 
orchestration of AIs will allow companies to comply with regulatory requirements and streamline the process of 
deploying AIs, turning regulatory compliance from a hindrance to a means by which we can deploy AIs faster. By 
adopting a data quality- or compliance-driven approach to AI orchestration, organizations can save as much as 40% in 
risk across all sectors and have achieved industry-leading audit pass rates. With the significant risk reductions and 
compliance success that industry leaders have had with unified frameworks, the early adopters of these frameworks 
have achieved a significant competitive advantage. Organizations should develop a plan to implement a unified 
framework for AI within their organization as quickly as possible to not fall behind in the ever-evolving AI 
marketplace. Organizations should develop a plan to create a Center of Excellence for AI with an expected timeline of 
6-12 months. The future of AI governance will be shaped by new technologies, including quantum-secured learning 
and adaptive policy engines, which will require organizations to adopt technology that is forward-compatible in order 
to sustain market leadership. 
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